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Abstract at i

l'o solve the problem that it is difficult to directly detect the object n the water due to flares and cloud shadow s
this paper proposed a waterwake recognition m ethod based on M ultrChannel G abor filtlers and BP neural nework First

we select sanple sub-in ages of san e sizes w ith w ake texture and w ithoutwake texture then we obtain feature inages using

a group of G abor filters and calculate them ean and variance of feature m ages to acquive the input vectors and train the BP
netvork Secondly we divide the whole mage mto sub-inages with the sane size as the first step

proposed algorithm can attain the wake texture precisely

variance of G abor feature mages caculate the mput vector and judge whether the sub-mage contain a wake texture by the
trained BP netwoik in the first step W e obtain a binary mage by the classify results of the whole mage detect lines using
Hough transfom and judge whether there is a wake n the whole mage

Keywords Gabor filters BP neural nework Hough transfom, textre felching

calculate m ean and
Fran experinent results it is proved that the
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Fig.4 Experimental pictures
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